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1.44◦ × 1.44◦ sized area at 18.00◦E 9.36◦S in Angola
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forecasted temporal FRP meteo reference FRP short-term
shape

W (Ξn; n, t | ϕ, φL, φS) = M (Ξn; n | ϕ)×W (n | φL)×WS(t | φS)
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The presented phenomenological weather-based prediction method

Current status
shows promise in predicting African grassland fires
tested completely on two different areas + some random checks on
random areas

Future actions
all the areas in the region will be parameterized
the method will also be tested on other types of wildfires

Thank You!
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